Multivariate Data Analysis
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Multivariate Data Analysis
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Multivariate Data Analysis
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Multivariate Data Analysis
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Multivariate Data Analysis
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pizza~read.table("pizza.txt", header=T)

pizzal=pizzal,2:4]

pizza.s=scale(pizzal)

pizza.d=dist (pizza.s,method="euclidean™)

pizza.ca~hclust (pizza.d,method="average'™)
plot (pizsa.ca)l # display dendogram

CHEZIZe) opt 2 W4 2
- 22 14 5

R

> groups=cutree(pizza.ca, k=5
> Fect.hclustipizza.ca,k=5,hurder="red"]

« 28 BAE rest.hclust) &40 205 LEHE
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Cluster Dendrogram
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groups=cutree (pizza.ca, k=5]
rect.helust (pizza.ca, k=5, border="red")
pizza.fin=ckhind(piz=zal,groups)
pizza.fin=ckhind(piz=zal,groups)
pairs(pizza.finf[c ("mois"™, "prot®, "fat®,
"ash"; "SDdi'LJIﬂ",- "carb"; "cal"] ] ;
main="Fizza Clustering", pch=22Z,

hg=c ("red", "yellow", "blue®,"green™)

+ 4+ 4+ 4+ ¥ VWY

[unclaszs(pizza.finfgroupsi])

Pizza Clustering

Multivariate Data Analysis
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Multivariate Data Analysis

EREREELE TR HL BN
- llhraryidDBy]. ) > librarvicluster)
> summarvEBEv (mois+prot+Lfat+ash+sodiun+carbh+cal )
+ ~groups,data=pizza.fin, > clusplot (pizza.s,groups, .
+ FUN = function(x){c (m=mean(x]]}] + l|:|:|l|:|1:=T131T.TE_r shade=TERUE, labels=2, lines=0)
groups mois.m prot.m fat.m ash.m
1 1 29.72000 19.958000 43.80200 5.025000 |
2 2 |E;2;3_DEF_DD_| LSLE;SE-_DD_DHZ'?.DSDDD 3.295000 CLUSPLOT( pizza.s)
3 3 49.07308 E4.576923 ,19.47385 3.899:231
4 4 31.12654 7.901579 16.29316 1.434211 P B ™
5 5 49.71557 10.555714 14.94643 2.230000 % o
sodiuwm.m carb.m cal.m 3'
1 F_.E_‘i_Ei_D_EE_EI 1.615000 I__._Eilil_iﬁ_l:lﬁ_" - %
2 0.93z20000 3.755000 3.130000 =
3 0.5978323  Z.984615 Z2.856154 N
4 0.4421053 |13_.2;5Ei_42_f 3.515654 CQ
5 0.5500000 Z22.549286 2.667143 o~ I %
= =
ANH =2 -d g 3>
" TO-L"—- OIE TO:I > proowp (pizeald, scale=T) § = 2—
Standard deviations: © &
[1] 1.977155527 1.58550z2008 0.
[5] 0.163030529 0.007254041 0. -
Fotation:
PC1_ ] Pz o
mois D.072496732 | -0.551494352 |
prot :D.3?660199|—D.28??4?1 : : : : : : : :
fat ID.439163?2| 0.28125352 5 4 B ) y 5 ’ 5
azh ID.486411?5|—D.1085911
zodiwn ID.‘HDEDESS' 0.2271295 _ ComoponenH _ -
cark r_D'_I}E 1_3 .13 12-! _0;3_19_9%5& ~ These twio components explain 91.89 % of the point variability.
cal 0.20579920 | 0.56879143
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# E-Means Clustering with 5 clusters
pizza.ke=kmeans (pizza.z, 5)

# Cluster Plot against lst Z principal components

zlusplot (pizza.s, piZza.koicluster,
zhade=TRUE, lahelz=2, linez=0)

>
>

>

> librarvy(cluster)
> color=TRUE,
+

» pizza.fin=chind(pizza,pizza.kcicluster)

> library (doEy)

> summarvEBEy (mois+prot+Lat+ash+sodiun+carb+cal

+ ~pizza.kcicluater,data=pizza.fin,

+ FUMN = function(xl{icimw=mean(xl1]
pizza.koicluster mois.m prot.m fat.m

1 1 25.71500 &8.0108335 16.55500

2 2 49.71557 10.555714 14.94643

3 3 49.97167 21.515556 21.53667

4 4 35.26143 7.7142586 15.544:29

5 5 29.72000 19,953000 43.50200

ash.m sSodium.m carkb.m cal.m

1 1.463333 0.4516667 45.275333 3.622500

2 2.230000 0.5500000 22.549:2586 2.667143

3 3.73E222 0.6905556  3.199444 2,932222

4 1.354256 0.4257143 39.795714 3.327143

5 F.DEBDDD 1.6450000 1.613000 4.504000
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Component 2

Multivariate Data Analysis

CLUSPLOT( pizza.s)

sisfjouyy Ja3sn[) °L 191doy) m

Component 1
These two components explain 91.89 % of the point variability.
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